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20 21 “To prevent churn, we might have to address each subscriber
individually according to specific previous behavior”

Our hypothesis: 

identify subscribers
with propensity to
churn
through data collecting in 
their browsing or during
their contact with our
service channels. 
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MAIN GOALS

Target 1

Use that score to drive marketing efforts to
prevent or reduce our churn rates by 10%

Build a predictive model and a score that 
indicates with a 80% accuracy the propensity 
of a subscriber to perform churn

Target 2
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PROJECT RESOURCES

Our SQUAD

• 01 Project Manager

• 01 Product Owner

• 01 Scrum Master

• 01 Backend Developer (external, hired for the 
project)

• 01 Data Engineer (external, hired for the project)

• 01 Data Scientist (external, hired for the project)

Step 1
2 weeks

Step 2
4 weeks

Step 3
4 weeks

Step 4
4 weeks

Profile definition, 
data samples and
features map

Predictive model
development

Data collection

Model
implementation
and dashboard

Timeline



DATA SOURCE

• City/State
• Dependents
• Validated Email?
• Validated Cell phone?
• Social Media Login
• Enterprise subscription

Subscriber 
data

+

• Subscription hIstory
• Registration time
• Subscription time
• Offer
• Product type
• Amount paid
• Payment method
• Recurrence

Subscription 
data

• Reactions
• Content sharing
• Comments
• Polls engagement
• Course subscriptions
• Access source

Marketing

• Recency (30,60,90)
• Frequency
• Volume
• RFV
• Most read editorial
• Editorials acessed
• Pageviews/sessions
• Recirculation
• Home acsess
• App access

Content 
access

+ +

The model considered several data sources…



CONCEPTUAL MODEL

Concept overview and model description

Data Source Predicticve Model Churn Score Segmentation

1. Data ingestion, aggregations 
and load into data model

2. Model execution through 
predictive and descriptive analytics 

Churn data tested/returned for 
model improvement.

3. Score assigned to 
subscriber (churn propenstity) 
based on analysis of 
data/predictions 

4. Subscriber segmentation 
following by churn 
prevention action plan 

Churn Atual



CLASSIFICADOR

PROPENSITY TO CHURN MODEL

Summary flow and classification issues 

DATABAS
E

TRAINING 
(70%)

TEST 
(30%)

ALGORITHM ACCURACY

SPLITTED

TREINA



CLASSIFICADOR

PROPENSITY TO CHURN MODEL

Main variables used in this model (contribution margin )

Negative contribution

Variables Weigth

Subscription Months - Up to 5 months 28,6%

Recency M3 - Zero 10,2%

Recency M1 - 1-19 7,2%

Origin - Portal 3,9%

Subscription price > R$ 52,00 0,6%

Positive contribution

Variables Weight

RFV M1 - 20+ 11,4%

Reads M2 - > Two+ 11,1%

Recency M1 - greather than 28 9,6%

Subscription months - > 36 meses 6,9%

Subscription price R$ 23,00-R$ 52,00 6,6%

Subscription Months - 14-36 months 3,6%



CLASSIFICADOR

PROPENSITY TO CHURN MODEL

Building the model

Training data
1.906 subscriptions

50,68% churn

Testing data
817 subscriptions

50,61% churn

Mai-2021 Ago-2021

Logistic
Regression

Subscriber Churn Probability
J 90%
I 91%
H 76%
G 60%
F 54%
E 48%
D 36%
C 24%
B 15%
A 3%

• Recommended technique for situations 
where the target is binary (Churn or not 
churn).

• Allows estimating the probability 
associated with the occurrence of the 
event due to a set of features.

• The results of the analysis are contained 
in the range from zero to one.



PROPENSITY TO CHURN MODEL

Results

Assign a churn 
propensity score
for each Gazeta do Povo 
subscriber with 67% 
accuracy.



Area under the curvec
ROC = 0,743

PROPENSITY TO CHURN MODEL

Next steps...

Technology:

• Model automation

• Marketing and subscriber touch
points tools integration
(Salesforce, Piano Composer, 
etc.)

• Build a health subscriber portfolio 
dasboards

• Model enrichment and
improvement by testing new 
variables;

Marketing:

• Increasing egagement and
churn prevention action plans




